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ABSTRACT

Comparative Evaluation and Mobile Integration of Vision-Enabled LLMs for
Handwriting Recognition in Medical Prescriptions

By

Nathanael Owen Kamto (nathanael kamto@student.sgu.ac.id)
Dr. Ir. Heru Purnomo Ipung, M.Eng, Advisor (heru.ipung@sgu.ac.id)
Assoc. Prof. Ir. James Purnama, M.Sc, Co-Advisor (james.purnama@sgu.ac.id)

SWISS GERMAN UNIVERSITY

This study presents a comparative evaluation and mobile integration of modern vision-
enabled Large Language Models (LLMs) for handwriting recognition in medical
prescriptions. The research addresses the critical issue of illegible handwritten
prescriptions in Indonesian healthcare by leveraging pretrained multimodal models
that inherently combine visual and language processing capabilities. Unlike
traditional approaches that require extensive manual preprocessing and feature
extraction, the proposed system utilizes state-of-the-art LLMs to directly interpret
handwritten text with minimal intervention. A series of experiments are conducted
using a diverse dataset of handwritten prescription images, where various LLMs
are benchmarked on evaluation metrics such as accuracy. The comparative analysis
reveals significant variations in model performance, highlighting the robustness
and efficiency of certain models in handling the complexities of diverse
handwriting styles and localized medical terminology. Furthermore, the integration
of the best-performing model into a mobile application demonstrates the practical
viability of the approach, offering improved accessibility and streamlined
workflow for both healthcare professionals and patients. These findings not only
underscore the potential of vision-enabled LLMs in medical document processing
but also pave the way for broader adoption in clinical settings.

Keywords: Vision-enabled LLM, handwriting recognition, medical prescriptions,

comparative evaluation, mobile integration, Indonesian healthcare.
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